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Abstract
Social support has been proposed to be a protective factor that buffers the losses that result from the experience of negative life
events. The present study uses data from a large-scale Australian panel study (the Household, Income and Labour Dynamics in
Australia survey) to examine how life satisfaction changes following the onset of a disabling condition and then to test whether
preevent or postevent social support moderates reactions to this event. Results show that the onset of a disabling condition is
associated with a large decline in life satisfaction, but these changes are not moderated by preevent social support. Postevent
social support does moderate change in response to the onset of a disability, but ambiguities in the interpretation of this
association must be considered.
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Subjective well-being (SWB) reflects people’s subjective evaluation of the quality of their lives as a whole (Diener et al.,
2018). A critical question concerns which external circumstances affect individual differences in SWB. Laypeople might
be interested in this question because answers could provide
useful information about how to improve the quality of their
lives. Social scientists are interested in this question because
the answers inform core theoretical debates in their fields.
Thus, identifying which life circumstances matter has been a
central goal for many years.
Although early evidence suggested that life circumstances
have only short-lived effects on SWB (e.g., Brickman et al.,
1978), a closer look at this evidence revealed some reasons
to question this broad conclusion. Most importantly, some of
the most salient and widely cited studies suffered from a broad
range of limitations including small sample sizes, questionable
interpretations of results, and an overreliance on crosssectional designs for testing questions about change over time
(R. E. Lucas, 2007). Researchers have since used longitudinal
studies to assess whether changes in life circumstances are
associated with changes in SWB. These studies show that life
events and life circumstances do matter for SWB: Events and
experiences, such as widowhood, unemployment, and the onset
of a disability, appear to be associated with lasting changes in
SWB (R. E. Lucas, 2007; R. E. Lucas et al., 2003, 2004; Luhmann et al., 2012).
As evidence has accumulated that life circumstances matter,
attention has turned toward identifying factors that moderate

these associations. By determining who adapts best following
major setbacks or who sustains lasting boosts following triumphs and achievements, it might be possible to identify successful strategies for improving people’s lives. In addition, by
studying which factors promote resilience in the face of major
life changes, a better understanding of the process by which
these circumstances affect SWB can be obtained.
One promising potential moderator is social support. Many
variables related to the quantity and quality of people’s social
relationships are associated with both psychological and physical health (House et al., 1988; Myers, 1999; Uchino et al.,
1996). Thus, it seems reasonable that these factors may be
especially important when life changes occur. Indeed, social
support researchers have long suggested that social support can
buffer the effects of various stressors (Cohen & Wills, 1985).
Prospective longitudinal designs allow for especially strong
tests of buffering effects (Lakey & Cronin, 2008). This is
because prospective studies assess moderators before life
events occur. Researchers can rule out the possibility that interaction effects result from a causal effect of adaptation on the
moderator. For instance, in a cross-sectional study, evidence
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for buffering might be that those who have high social support
report greater well-being than those with less social support following the experience of a major life event. An alternative
explanation of this effect, however, is that those who adapt best
attract more social support or even just report more social support than those who adjust less well. By assessing the moderator before the event in a prospective design, this alternative
explanation can be ruled out.1
In a test of these buffering effects, Anusic and Lucas (2014)
used three prospective studies to assess whether preevent social
relationships buffered the effects of widowhood on life satisfaction. Although social relationships assessed after the loss
of a spouse did moderate the association between the event and
self-reported life satisfaction, preevent relationship variables
did not. One concern about Anusic et al.’s results, however,
is that widowhood is intricately involved in social support
(Ha, 2008). This means that the event in question may affect
the moderating variables in ways that do not generalize to other
events. In the current study, we test whether a measure of social
support moderates adaptation to the onset of a serious
disability.

Disability and Social Support
Examining social support as moderator of adaptation to the
onset of a disability is a promising approach for at least two reasons. First, disability has consistently been shown to be associated with reduced levels of SWB (Bierman, 2012; Dijkers,
1997; Freedman et al., 2017) and there is considerable variability in reactions to disability (R. E. Lucas, 2007). Thus, this
event provides an opportunity to investigate individual differences in changes that occur. Second, social support is thought
to operate through a range of mechanisms, including the provision of social companionship and advice, along with more tangible help with household chores and financial assistance
(Cohen & Wills, 1985). Because the onset of a serious disability can lead to a broad range of life changes that would benefit
from help from others (Bierman & Statland, 2010), it is plausible that social support would have a buffering effect.
Multiple studies have examined the extent to which various
forms of social support provide a buffer against the declines
that are associated with disability. Variables such as marital
status, marital support, and family support have been shown
to moderate the association between impairment status and
SWB (e.g., Bierman, 2012; Bookwala, 2011; Carr et al.,
2017, 2019; Chan et al., 2011; Mancini & Bonanno, 2006).
Most studies that have examined these buffering effects, however, use cross-sectional designs or postevent longitudinal
designs to assess interactions between social support and the
existence or severity of health conditions or limitations.
In the current study, we use prospective, longitudinal data to
test whether a measure of perceived social support2 moderates
the association between disability onset and life satisfaction.
We first attempt to replicate the basic association between
change in disability status and change in life satisfaction that
has been found in German and British samples (R. E. Lucas,
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2007). We then test whether preexisting individual differences
in social support and social relationships moderate the association with this life event. Evidence for a buffering effect would
be found if those who started the study with more supportive
social relationships suffered less of a decline after the onset
of the disability.

Method
Participants
Participants come from first 13 waves of the Household,
Income and Labour Dynamics in Australia (HILDA) survey
(Watson & Wooden, 2012), a panel study that includes a
nationally representative sample of households in Australia.
Households were selected using a multistage approach, where
Australian districts were randomly selected, and then households were randomly selected within districts. All household
members aged 15 and older were asked to participate. Surveys
were administered in both face-to-face and self-report questionnaire format. Detailed information about survey characteristics and sampling methods can be found in the HILDA User
Manual (Summerfield et al., 2014). Because only de-identified,
existing data were accessed, this project is not considered
human subjects research.
Participants were selected for inclusion if, at the start of the
study, they did not have a disability that impacted their ability
to work, acquired such a disability at some point in the study,
and remained in that disability status for the duration of their
time in the study (see below for our operationalization of disability). Although additional respondents acquire and then
recover from disabilities in this sample, by focusing only on
those who acquire a disability and then maintain that disability
status, we can assess long-term adaptation, which is our goal.
Among all participants, 279 met inclusion criteria. The average
age of these participants was 49.97 (SD ¼ 17.84) and 60.43%
were women. Respondents participated for an average of 6.15
years before onset and 5.38 after.
Sample size was not determined in advance; rather, all participants from the parent study who met inclusion criteria were
included in the final sample. Power to detect the effect of disability found in prior studies is approximately 100%. Indeed,
our study has approximately 95% power to detect disability
effects that are approximately one third of the size found in
R. E. Lucas (2007). Power calculations for the moderating
effect of social support are more difficult to calculate as they
require many assumptions. However, our simulations suggest
that our study has approximately 90% power to detect an effect
in which a one-standard deviation (SD) increase in social support reduces the effect of disability by 25%. Detailed power
analyses are available on the associated Open Science Framework (OSF) page.
Our data access agreement prevents us from sharing the
data, but interested researchers can obtain the data from survey
organizers after signing a confidentiality agreement and paying
a small fee. Our OSF page provides scripts that extract and

Lucas and J. Chopik
clean the raw data and reproduce results reported in this manuscript. Because we have been working with these data for many
years and have considerable knowledge of them, analyses were
not preregistered.

Measures
The primary outcome measure is life satisfaction, which was
measured each year with a single item that read “All things
considered, how satisfied are you with your life? Again, pick
a number between 0 and 10 to indicate how satisfied you are.”
Participants responded on a scale ranging from 0 totally dissatisfied to 5 neither satisfied nor dissatisfied to 10 totally satisfied. Prior research suggests that single-item measures like this
provide scores with reasonable reliability and validity in contexts like this (Cheung & Lucas, 2014; R. E. Lucas & Donnellan, 2012).
Disability status was assessed using two questions (both of
which were presented each year). First, participants were
shown a list of health conditions (full list available here:
https://melbourneinstitute.unimelb.edu.au/assets/documents/
hilda-questionnaires/ShowcardsW1.pdf) and asked: “Do you
have any long-term health condition, impairment, or disability
(such as these) that restricts you in your everyday activities and
has lasted or is likely to last for 6 months or more?” Those who
indicated that they did have a health condition were then asked
whether the conditions they listed “limit the type of work or the
amount of work that you can do.” Participants were classified
as having a disability if they answered “yes” to both questions.
To ensure that participants were moving from a state of relative
health to one of lasting disability, only those with at least 3 years
of data before and after onset were retained for analyses.3
Social support was assessed each year using the mean of 10
questions. These included questions about whether people had
others they could confide in, whether they had a lot of friends,
whether they can find support that they need, and whether they
feel lonely (e.g., For exact wording, see the list provided at our
OSF site). Participants responded on a 7-point scale ranging
from 1 strongly disagree to 7 strongly agree. Cronbach’s a
across all participants and all waves for this 10-item measure
was .82. Separate predisability and postdisability social support
scores were calculated by first averaging scores from all waves
before onset (predisability social support) and from all waves
after onset (postdisability social support).4
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Table 1. Baseline Model Reporting Change in Life Satisfaction From
Before to After Onset of Disabling Condition.
Predictor
Intercept
Year before
Disability

Estimate SE
8.06
0.17
0.73

CI

df

t

p

.08 [7.91, 8.22]
293.43 101.39 .00
.08 [0.32, 0.02] 2,721.64 2.15 .03
.07 [0.87, 0.58] 298.79 9.80 .00

Note. N ¼ 279. CI ¼ 95% confidence interval.

satisfaction prior to the onset of the disabling condition and the
coefficient for the disability predictor reflects difference in
average life satisfaction from before to after onset. Existing
research shows that people’s life satisfaction can start to
decline prior to the onset of disability. This may be because
conditions that cause disability can emerge (and affect life
satisfaction) before they become severe enough to affect one’s
ability to work (R. E. Lucas, 2007). Because of this, we also
included a dummy variable that is coded 1 in the year before
the onset of the disabling condition and 0 for all other waves.
In a second model, we add a linear change component to
assess whether respondents adapt back toward baseline levels
of life satisfaction. The linear change variable is coded 0 in all
years up to and including the first year of disability and then
increases by one for each additional year. Thus, after inclusion
of this variable in the model, the coefficient for the dichotomous “disability” variable now reflects the change in life satisfaction from baseline to the first year of disability and the
estimated linear change coefficient reflects the yearly change
in life satisfaction following onset. In all models, the intercept,
disability, and linear effects varied randomly.
To test the moderating effect of social support, we included
average social support as a moderator of all within-person
effects. Specifically, in one model, we used predisability social
support as a moderator. In a second model, we replaced predisability social support with postdisability support. And finally,
in a third model, we included both pre- and postdisability social
support. As noted below, the linear change effect was not significant, so it was removed for the focal models, though analyses including this component can be found on our OSF page.
Full code to reproduce the analyses reported in this article is
included in the Rmarkdown document that is posted on our
OSF page. We used R (Version 4.0.3; R Core Team, 2020)5 for
all of our analyses.

Analytic Strategy

Results

A multilevel modeling strategy was used to assess withinperson changes in life satisfaction following the onset of a disabling condition. Specifically, we used the lme4 (Bates et al.,
2015) and lmerTest (Kuznetsova et al., 2017) packages in R
to estimate multilevel models predicting yearly life satisfaction
from disability status. In the simplest model, we predicted life
satisfaction from a dichotomous variable indicating whether
the respondent reported being disabled at the time of the survey. In this model, the intercept reflects average life

We first fit a null model that estimated an overall average life
satisfaction score across all waves and participants, along with
within- and between-person SDs. The overall mean was 7.71,
and the within- and between-person SDs were 1.30 and 1.25,
respectively. The average predisability social support score
was 5.29 (SD ¼ 0.83), and the average postdisability social
support score was 5.17 (SD ¼ 0.92). A paired-sample t test
showed that social support scores were significantly
lower after onset of the disabling condition than before,
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Table 2. Model Reporting Moderating Effect of Predisability Social Support on Change in Life Satisfaction From Before to After Onset of Disabling Condition.
Predictor
Intercept
Year before
Disability
Predisability social support
Year Before  Social Support
Disability  Social Support

Estimate

SE

8.05
0.16
0.72
0.79
0.04
0.01

.07
.08
.07
.08
.10
.09

CI
[7.92,
[0.32,
[0.86,
[0.62,
[0.14,
[0.17,

8.19]
0.01]
0.57]
0.96]
0.23]
0.18]

df

t

p

295.77
2,723.84
296.50
300.51
2,739.07
301.80

116.05
2.06
9.61
9.35
0.46
0.08

.00
.04
.00
.00
.64
.94

Note. N ¼ 278. CI ¼ 95% confidence interval.

t(266) ¼ 3.59, p < .001, though the effect size was small,
reflecting a standardized mean difference of just 0.17 SDs
(using the predisability SD to standardize). Stability in social
support from before to after onset of the disability was
strong: r ¼ .75, 95% confidence interval [CI] [.69, .80],
t(265) ¼ 18.30, p < .001. The average age at the time of disability was 56.38 (SD ¼ 18.02).
We next added the dichotomous disability and year before
onset indicators to the model. As can be seen in Table 1, there
is a small but significant drop from baseline in the year before
respondents start reporting their disability and a much larger
drop after onset. This drop represents a decline of 0.60
SDs relative to average predisability life satisfaction. Thus,
using standard rules of thumb for evaluating effect sizes, the
decline is relatively large and consistent with prior work
(R. E. Lucas, 2007).
We also tested whether age or gender moderated any of
these associations. There was only a significant moderating
effect of gender on change in life satisfaction in the year before
onset, with men reporting a larger decline during that year than
women. Because age and gender were not associated with the
focal effects of this or any subsequent analyses and because
we had no a priori hypotheses about such moderating effects,
these variables were not included in the models reported below
(details are included in the Supplemental Analyses on our OSF
page).
We next assessed whether respondents returned to baseline
following onset by adding a linear change parameter. The
coefficient for the linear change component was not significant: estimate ¼ 0.04, SE ¼ 0.02, 95% CI ¼ [.08, 0],
df ¼ 157.53, t ¼ 1.93, p ¼ .06. In fact, the small negative
coefficient is in the opposite direction to what would be
expected if respondents adapted back to baseline. This is consistent with previous studies (R. E. Lucas, 2007).
To assess whether there is evidence that social support
buffers reactions to the onset of a disability, we added grandmean-centered preevent social support as a person-level predictor of the within-person changes that occurred after onset.
Results are presented in Table 2. Social support was positively
associated with the intercept: Those who reported higher social
support before onset also reported high levels of life satisfaction during that same period. The critical question, however,
is whether the social resources that were amassed when things

were going well (i.e., social support in the predisability period)
buffered the loss in life satisfaction that occurred following
onset. The last two lines of Table 2 show that there is no support for this idea: Social support was not associated with the
changes that occurred before and after disability onset.
The left panel of Figure 1 plots predicted trajectories for
those at the mean level of social support, one SD above the
mean and one SD below the mean. As can be seen in the figure
(and as reflected in Table 2), the predicted trajectories are
almost perfectly parallel. Those who have high levels of social
support before the onset of the disabling condition report higher
levels of life satisfaction, but social support does not protect
against declines. Those with high social support decline as
much as those with low social support did. Again, this demonstrates that there is no buffering effect of predisability social
support in this sample. The differences in life satisfaction
between those high and low in predisability social support
reflect the differences that existed before the onset of the disabling condition.
Next, we tested the moderating association of postdisability
social support on each of the within-person parameters from the
baseline model. Results are shown in Table 3. In contrast to the
results for predisability social support, many estimated coefficients from this model are significantly different from zero,
including the moderating associations with social support. The
right panel of Figure 1 plots the implied trajectories from this
model. As can be seen in this figure, respondents who reported
high levels of social support (i.e., those who scored one SD
above the mean) after the onset of a disability exhibited
declines in life satisfaction that were less than half the size of
those who reported low levels of postdisability social support.
Again, however, it is important to caution that the interpretation of this postdisability effect is more complicated than that
for predisability social support. Postdisability social support
may either serve a buffering function or it may actually be
caused by better adaptation: Those who fare best after the onset
of a disability may be more likely to attract (or report) higher
social support.
Finally, although there was strong stability in social support from before to after onset of the disabling condition, it
is possible to examine the associations between social support
in one period and changes in life satisfaction, while holding
social support from the other period constant. Table 4 shows
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Figure 1. Predisability and postdisability social support as moderators of adaptation to disability. Source: Figure by R. Lucas (2020). Available at
https://doi.org/10.6084/m9.figshare.12403964.v2, under a CC-BY license.

Table 3. Model Reporting Moderating Effect of Postdisability Social Support on Change in Life Satisfaction From Before to After Onset
of Disabling Condition.
Predictor
Intercept
Year before
Disability
Postdisability social support
Year Before  Social Support
Disability  Social Support

Estimate

SE

8.08
0.16
0.74
0.53
0.29
0.42

.07
.08
.07
.08
.09
.08

CI
[7.93,
[0.31,
[0.88,
[0.37,
[0.12,
[0.27,

8.22]
0.00]
0.59]
0.68]
0.47]
0.58]

df

t

p

283.48
2,638.48
286.58
283.83
2,648.20
286.68

109.21
1.97
10.00
6.54
3.33
5.30

.00
.05
.00
.00
.00
.00

Note. N ¼ 269. CI ¼ 95% confidence interval.

Table 4. Model Reporting Moderating Effect of Pre- and Postdisability Social Support on Change in Life Satisfaction From Before to After Onset
of Disabling Condition.
Predictor
Intercept
Year before
Disability
Predisability social support
Postdisability social support
Year Before  Predisability SS
Disability  Predisability SS
Year Before  Postdisability SS
Disability  Postdisability SS

Estimate

SE

CI

df

t

p

8.05
0.14
0.71
0.78
0.01
0.42
0.77
0.57
0.93

.07
.08
.07
.13
.12
.15
.13
.13
.11

[7.91, 8.19]
[0.29, 0.02]
[0.84, 0.57]
[0.53, 1.03]
[0.22, 0.23]
[0.71, 0.13]
[1.02, 0.52]
[0.31, 0.83]
[0.71, 1.15]

284.27
2,639.25
283.07
292.02
286.15
2,648.42
288.49
2,643.21
282.44

114.18
1.71
10.12
6.00
0.08
2.82
5.98
4.29
8.19

.00
.09
.00
.00
.94
.00
.00
.00
.00

Note. N ¼ 268. CI ¼ 95% confidence interval; SS ¼ social support.
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Figure 2. Predisability and postdisability social support as simultaneous moderators of adaptation to disability. Source: Figure by R. Lucas (2020).
Available at https://doi.org/10.6084/m9.figshare.12403964.v2, under a CC-BY license.

the results of an analysis that includes both pre- and postdisability social support as moderators. Holding postdisability
social support constant, predisability social support is positively associated with predisability life satisfaction and negatively associated with the changes that occur in the year
before onset and in the years after. In other words, having
high social support before disability onset does not appear
to be beneficial if that especially high level of support is not
maintained once the disability emerges. In contrast, postdisability social support is unrelated to predisability life satisfaction (controlling for predisability social support) but is
associated with the changes in life satisfaction that occur following disability.
Figure 2 plots the predicted trajectories with the moderating effect of pre- and postdisability social support, each controlling for the other. The left panel shows the associations
with predisability social support, and the right panel shows the
associations with postdisability social support. Again, these
figures demonstrate that those with high levels of predisability
social support are predicted to have no benefit from social
support if it is not maintained in the postdisability period
(i.e., if, during this latter period, they report average levels
of social support). This figure clarifies that although predisability social support is associated with predisability life satisfaction, it is the social support from the postdisability period
that is most important for predicting adaptation to the onset
of a disabling condition.

Discussion
A critical goal for SWB research is to identify the extent to
which life events and changes in life circumstances are associated with changes in SWB. The first contribution of the current
article was to replicate in a new, nationally representative sample the finding that the onset of a disability is associated with
changes in life satisfaction (R. E. Lucas, 2007). People who
experienced this life event declined in their levels of life
satisfaction, the change was large (approximately three quarters of a SD), and life satisfaction did not, on average, return
to baseline levels.
The second major goal of this study was to use a prospective
design to determine whether the social support that one obtains
when things are going well can protect against declines in SWB
when misfortune happens. Our use of a prospective design has
one critical advantage over previous research that looks at buffering effects of social support: In studies that rely either on
cross-sectional designs or designs that focus on social support
that is reported after the onset of a negative event, any association between social support and improved functioning could
either be due to the buffering effects of social support or to the
fact that those who function best are able to attract or report
greater social support. Although the use of a prospective design
cannot clearly establish the causal impact of social support, it
can at least rule out the possibility that reactions to the event
are causing the reported levels of social support. In these data,

Lucas and J. Chopik
preexisting social support did not predict better adaptation to
the onset of a disability when tested using these prospective
methods. This is consistent with prior prospective research that
has often failed to find protective effects of social support when
predicting the onset of depression (e.g., Lakey & Cronin,
2008), and our study extends these findings to buffering effects
in the context of a specific major life event.
To be clear, this study does not rule out a causal effect of
social support on adaptation to disability. Indeed, our analyses
showed that social support reported during the period of disability was associated with a reduced impact of the disabling
event. This finding is consistent with previous research showing that various forms of social support interact with disability
status to predict concurrent levels of well-being and related
outcomes (e.g., Bierman, 2012; Bierman & Statland, 2010;
Bookwala, 2011; Carr et al., 2017, 2019; Mancini & Bonanno,
2006; Schulz & Decker, 1985). One possible interpretation of
the combined findings is that it is only the social support that
people are able to obtain and maintain during a negative period
that predicts how one will function during that period; support
built up prior to that time may not matter for postdisability
adjustment. Our results are also consistent with a simple
“main-effect” model of the effects of social support (Cohen
& Wills, 1985). Again, however, we caution that a plausible
alternative interpretation of this effect is simply that those who
reacted most positively to the event were also able to obtain or
perhaps simply perceive more social support in their lives
(Lakey & Cronin, 2008).

Limitations
Although the use of a prospective design from a large panel
study is a major strength of this work, the study is not without
limitations. First, one disadvantage of using existing data is that
investigators are beholden to the choices made by the survey
organizers regarding the measures used to assess critical concepts. Debates exist in the literature about the relative merits
of assessing “perceived support,” which reflects respondents’
evaluation of the quality of support they receive, versus
“enacted support,” which focuses more on concrete support
behaviors that others provide. The measure included in the
HILDA appears to focus more on perceived support, which
tends to be more strongly correlated with health and wellbeing outcomes than are measures of enacted support (Haber
et al., 2007). Yet it is possible that other components or measures of social support might have different associations with
these outcomes.
Relatedly, it is important to recognize that all measures in
this study were self-report. The reliance on self-report measures of social support can lead to problems in the interpretation of buffering effects if halo biases or other shared method
variance inflate correlations between constructs of interest.
Although our prospective design can help rule out some of
these concerns (e.g., we can rule out the possibility that
changes that result from the onset of a disability cause predisability reports of social support), it cannot rule them all out.
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Thus, research that incorporates nonself-report measures of the
primary constructs can help clarify these effects further.6

Summary
This study used a prospective design to assess whether preexisting levels of social support moderated people’s reactions to
the onset of a disabling condition. Our study replicated prior
results that disability is associated with large, lasting declines
in life satisfaction, with little evidence of a return to previous
levels. An important new contribution of this work was to show
that levels of social support assessed before the onset of the disability did not predict greater adjustment to the condition:
Those with high levels of social support dropped just as far
in their life satisfaction as those with low social support following the onset of this condition. We did find that those who
reported high levels of social support after the onset of the disabling condition reported smaller declines over time, but the
interpretation of this effect is ambiguous: High levels of selfreported social support might simply result from better adaptation and adjustment. Thus, these results show the promise of
using prospective designs to clarify when and how social support is related to SWB following major life events.
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Notes
1. Of course it is still possible that some third variable causes both
individual differences in the moderator and better adaptation, so
causal effects of the moderator cannot be assumed.
2. Social support researchers often distinguish between “perceived
support,” which reflects respondents’ perception and evaluation
of the quality of their support, and “enacted social support,” which
focuses more on the receipt of supportive behaviors. The former
tends to be more strongly associated with health and well-being
(Haber et al., 2007). In the current study, the available measure is
more closely reflective of perceived support than enacted support.
3. Relying only on the first question increases the sample size by 28
respondents and reduces the overall effect of disability slightly (as
would be expected, as the conditions that are included are likely
less severe). The pattern of associations with social support are the
same (see our Open Science Framework [OSF] page).
4. Exploratory analyses revealed that the measures had a two-factor
structure, with all positively worded items loading on one factor,
and all negatively worded items loading on a second factor. Subscales based on these factors correlated moderately with one
another, and the same pattern of results was found for each subscale
as was found with the full measure (see OSF page). Given the
issues with factor interpretability, we chose to present the results
from the full measure here, but we report the disaggregated results
on our OSF page.
5. We, furthermore, used the R packages citr (Version 0.3.2; Aust,
2019), dplyr (Version 1.0.2; Wickham et al., 2020), ggplot2 (Version
3.3.2; Wickham, 2016), ggrepel (Version 0.8.2; Slowikowski,
2020), gridExtra (Version 2.3; Auguie, 2017), lme4 (Version 1.1.
23; Bates et al., 2015), lmerTest (Version 3.1.2; Kuznetsova et al.,
2017), papaja (Version 0.1.0.9942; Aust & Barth, 2020), readr (Version 1.3.1; Wickham et al., 2018), tidyr (Version 1.1.2; Wickham &
Henry, 2020), and tidyverse (Version 1.3.0; Wickham et al., 2019).
6. In supplemental analyses on our OSF site, we report results controlling for self-report measures of plausible third variables: extraversion and neuroticism. These analyses do not change the pattern of
results for social support.

References
Anusic, I., & Lucas, R. E. (2014). Do social relationships buffer the
effects of widowhood? A prospective study of adaptation to the
loss of a spouse. Journal of Personality, 82(5), 367–378. https://
doi.org/10.1111/jopy.12067
Auguie, B. (2017). GridExtra: Miscellaneous functions for “grid”
graphics. https://CRAN.R-project.org/package¼gridExtra
Aust, F. (2019). Citr: ‘RStudio’ add-in to insert markdown citations.
https://CRAN.R-project.org/package¼citr
Aust, F., & Barth, M. (2020). papaja: Create APA manuscripts with R
markdown. https://github.com/crsh/papaja
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